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Deep learning evolution — Image Classification
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S. Bianco, R. Cadene, L. Celona and P. Napoletano, "Benchmark Analysis of Representative Deep Neural Network Architectures,"
in IEEE Access, vol. 6, pp. 64270-64277, 2018, doi: 10.1109/ACCESS.2018.2877890.



Deep learning evolution — Object Detection
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Source : https://github.com/ultralytics/yolov5




Drive

 Need for Performance and Efficiency

* Solution:
* Custom solutions — DNN specific
* General solutions — Building block of a DNN

* Many Challenges




Topics to be covered

* Neural Network Architecture search
e Co-designed DNN and Circuits for extreme-throughput applications
* NAS and Automated Machine Learning methods

* Hardware design for accelerating DNN:
* GNNs tailored architectures S

* Tensor Streaming architectures
e Custom CNN architectures
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Programme

Time Speaker Duration
9:00 | Introduction S min
9:05-9:40 | Nicholas Fraser AMD/XILINX 35 min
9:40-10:15 | Aaron Zhao, Imperial College London 35 min
10:15-10:45 | Coffee break 10 min
10:45-11:20 | Gary Robinson, Groq 35 min
11:20-11:55 | Alexander Montgomerie-Corcoran, Imperial |35 min
College London
11:55-12:30 | Partha Maji, Tenstorrent 35 min

12:30

Closing remarks

Dr. Partha Maji

Dr. Aaron Zhao
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